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=2-J(6) = 2(6p — 5)
J() = (B —5)%+ (6, —5)2  mmp a“
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def J(theta):
return (theta[0] - 5) ** 2 4+ (theta[l] - 5) ** 2

def grads (theta) :
return np.array([2 * (theta[0] - 5), 2 * (theta[l] - 5)1])
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J(8) = 2(60 —5)

J(0) = 2(6; —5)

from scipy.optimize import minimize

fun: 2.477476329894505e-18

minimize (J’ x0=[0 , 0] , method: ‘CG’ , jac:gra jac: array([1.71271335e-08, 1.71271335e-08])
message: 'Optimization terminated successfully.'
nfev: 20
nit: 2
njev: 5

status: 0

success: True

x: array([5:; 5.l1)
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2 1(9) =2(8p — 5)
J(8) = (6, — 5)% + (8, — 5)2 |

091](9) = 2(6; = 5)

from scipy.optimize import minimize | fun: 3.5538794606501983e-16
hess inv: array([[ 0.75, -0.25],
[-0.25, 0.75]1)

minimize (J, x0=[0’ 0] , method=‘BFGS’ , Jac— jac: array([-1.17592194e-08, -1.17592194e-08])

‘ message: 'Optimization terminated successfully.'
nfev: 16
nit: 3
njev: 4
status: 0

success: True
x: array([4.99999995, 4.999999%89])
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